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In this paper, we present a method to improve the performance of MAX-MIN Ant System (MMAS) for the traveling
salesman problem. The proposed method gives deviations from the initial pheromone trails by using sub tours calculated by a
greedy algorithm. For the purpose of evaluating the proposed method, we added pheromone trail initialization of
conventional methods to MMAS. We also describe the conventional methods and how to add these pheromone trail
initialization to MMAS. The experimental results using benchmark problems with 51 to 318 cities suggested that the

proposed method is better than the conventional method in the quality of the solution.
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Procedure ACO ()
Set parameters;
Initialize pheromone trails;
while (terminal condition not met) {
Construct ant solutions;
Apply local search; /* option */
Update pheromone;
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