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Parallel Coordinates Plot (PCP) is a very popular visualization technique for multi-dimensional datasets. The PCP is useful
to explore and analyze the features and the structures in the datasets. It is also usable to find out the correlation or clusters of
datasets, but it becomes less effective for datasets which contain large number (i.e. more than 100) of dimensions. This paper
proposes a novel PCP-based visualization technique, which is applicable to the datasets containing large number of
dimensions. The proposed technique classifies the dimensions of datasets into several groups, and then visualizes the groups
as a set of sub-PCPs on a screen. By displaying in this manner, the technique represents the correlations among the
dimensions even if the datasets contains large number of dimensions.
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