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Consideration about the tendency of prefrontal cortex activation
during evaluation of product price: A NIRS study
oooooo* oooooox 00 Oo*2 o0 oo OO0 Oo*2
Yurie Mitsuda Kaori Goto Tadanobu Misawa Tetsuya Shimokawa Shigeki Hirobayashi

000000000000000000000

Graduate School of Science and Engineering for Education, University of Toyama

“00000000000000000 “000000o0ooo

Graduate School of Science and Engineering, University of Toyama The School of Management, Tokyo University of Science

In late years, the use of the functional brain mapping equipment spreads through not just medical and welfare
fields but also management and economic fields. In the background, we investigate the psychology of consumer from
brain activity during a purchasing action because consumer doesn’ t always take purchasing action reasonably, and
there is the aim to make use in marketing. In this study, we focus on price which is one of decision-making factor
during a purchasing action, and performed the basic study of price evaluation using near-infrared spectroscopy
(NIRS) to make price evaluation systems in the future.
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