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Proposal and Implementation of Document Clustering Method based on feature of MicroBlog
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In recent years, MicroBlog has been used to find out real-time information. However, search by keywords of
MicroBlog have some problems which it is difficult to recognize whether posting is useful or not and understand
outline by limited number of characters. Document Clustering Method has a beneficial effect on this matter. On
the other hand, Document Clustering Method for MicroBlog can’t show high accuracy because it is hard to express
features due to limited number of characters and word which were made recently. So, The purpose of this study is
that we propose and implement Document Clustering Method based on feature of MicroBlog.
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