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In recent years, analyzing texts with probabilistic topic models has become an active area of research. Latent
Dirichlet Allocation (LDA) is one of the well-known topic models. This study describes multi-document summa-
rization based on latent topics extracted from multiple documents by means of LDA. By the result of a preliminary
experiment to investigate the relation between target documents to be summarized and their correct summaries
from a viewpoint of topic distribution in documents, we confirmed that the topic distribution of target documents
is roughly the same as that of correct summaries of the documents, so we define the important degree of a sentence
by taking account of the topic ratio in the sentence. In the case of summarizing multiple documents, there are
many cases where some sentences share their contents with other sentences. We therefore generate a summary
based on sentence extraction considering the coverage among sentences by means of integer programming. We
confirmed the validity of our proposal technique by comparison with the previous researches.
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