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Route Selection Behavior Generated by Q-routing Algorithm
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In this paper, we describe the impact of changes in road network on drivers' route selection behavior. In the almost all
traffic simulation model, driver agents choose the shortest route, while the drivers in the real world choose their routes
through their own restricted knowledge. Therefore, we developed a reinforcement-learning-based routing algorithm and
implemented it in a traffic simulator. This model is applied to simulate the tram railway extension plan in Okayama City.
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