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Visit place prediction by the line resolution using move series
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In recent years, is becoming to be able to accumulate large amounts of personal behavioral history, such as
GPS. In location-based service, the prediction of the location which user will visit is important. In this paper,
we propose the prediction method based on matrix factorization. We consider the attributes of user is useful for
location prediction. In this paper, we propose a method incorporating the attribute to matrix factorization. I have
conducted experiments using real data. As a result, we was not able to show the efficient of using the attribute.
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1: 140
2: Initialize U and V(© by random values
3: while satisfy the convergence condition do

4: t+—t+1

5 for i = 1 tondo
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7:  end for

8 for j = 1tomdo
R
10:  end for

11: end while
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