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Towards Prediction of Volume of Transactions Using Clustering of Related News Articles

i et W s o B g R MR BRER RUR RO
Minoru Yoshida Hiroshi Nakagawa Tomonari Ishida Akihiro Nakashima Tohgoroh Matsui Kiyoshi Izumi
M A A2 R
Sho Ikeda Takatora Honda

HREUR ARG £ > 2 —

Information Technology Center, The University of Tokyo

SHERZEA A R HERATR, AR

College of Life and Health Sciences, and College of Engineering, Chubu University

MIREUREREBE TARIIERE 2 JST S &N

School of Engineering, The University of Tokyo PRESTO, JST

ORI R R B T AR

Graduate School of Fundamental Science and Engineering, Waseda University

PRSI R

Nomura Securities Co.,Ltd.

We report our on-going research to develop a system to predict volume of transactions of a brand using news
articles related to the brand. Our problem is defined as a binary classification problem where the task is to predict
a label (going up or going down) of each (stock, day) pair given news articles in that day. We used topic models
to estimate document clusters, and used the estimated clusters and labels in training data to predict labels in test

data.
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