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Recommendation Based on Users’ Similar Habits of Mobile Applications
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Mobile phones are enhanced recently. And so we can use various applications, for example, time table, weather

information, photo-editing tool, etc.

Applications relate to people’s lifestyles, because they download and use

applications they like or need in their lives. On the other hand, people must select the application they want to use
from a complex menu structures, as cell phones are downsized. For this problem, they research means to estimate
and recommend applications persons want to use. In this paper, we introduce a method to recommend applications

from similarity of use logs among hours and spots.
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ef(h,7) = log2(NoE) (1)
icf(i) =1+ logz(%) (2)

eficf(i,j) = ef(i,5) x icf(i)
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