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N-armed bandit problems are fundamental tasks in machine learning, statistics and economics, where agents act
under uncertainty tackling the dilemma between exploitation and exploration. Previous studies have shown that a
value function implementing human cognitive biases (Shinohara’ s loosely symmetric (LS) model) performs very
well as a heuristics in 2-armed bandit problems. However, the general application of LS has not been given yet.
In this study, we analyze and generalize it to enable decision making among three or more options and adaptation
to nonstationary environment. As the result, it is suggested that LS has several general properties of judgment

under risk as the prospect theory describes.
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