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Implementation to Q-Learning of cognitive bias adjustment mechanism LS and the function
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Loosely symmetric (LS) model is a probabilistic formula defined on a 2 x 2 contingency table, proposed by Shuji
Shinohara in 2007. The model represents nonlogical cognitive biases such as symmetry and mutual exclusivity. It
shows the highest correlation with human causal induction data and performs very well in n-armed bandit problems,
word learning and game theoretic decision making. In this study, exploiting LS for state-action value calculation
(Q values in Q-learning), we make a step toward showing the efficacy in reinforcement learning in general.
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