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Feature Pattern Extraction from Time-series Database
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This paper proposes a classification method based on feature patterns of time series data. Typically, the most
common form of this type of data visualization is the line chart, which uses position encodings for both time and

value.
for classification on such data is important.

Many similar data are stored into database by many observers or sensors.

The discovery of knowledge

We describe two methods; extraction method for feature patterns
from each time series data and classification method based on extracted feature patterns.

In order to measure

importance of extracted patterns, we develop a method that applies TF*IDF weight that is often used in text
mining to time series data. Extracted feature patterns are used as attributes for machine learning. We measure
classification accuracy by using real medical data in experiment.
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