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There is increasing interest in nobel studies about autonomos robots.Traditional autonomous robots do not work
without implementing their internal models. Therefore, it is important to design an autonomous robot which is
able to to segment environment and conceptualize its own internal models by itself. This paper assumes that
generation-process which is about data of robot’s motors and sensors is Dirichlet Process Mixture. This enables
an autonomous mobile robot embedded with several sensors and motors to acquire some internal models through

its interaction with the environment.

We conducted a simple simulation experiment in which a mobile robot

categorizes its sensorimotor information into three internal models corresponding to three situations in a corridor
despite the number of internal models had not been given.
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