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This paper presents a simple but effective method for contrasting the degree of connectivity among terms over

several document-term databases and for finding patterns with ”emerging connectivity”.

In order to consider

potential power for terms to be connected each other, we use the Newman’s modularity notion. Thus we can say
that the targets are patterns with ”emerging modularity”. The emergingness is simply measured by subtracting
the modularity in one database with one in another database. So we can regard the problem of mining patterns
with emerging modularity as a kind of optimization problem to maximize the subtraction under some constraint to
exclude extreme cases. In fact, such an optimization algorithm is presented based on branch-and-bound techniques

and is showed its usefulness by some experiments.
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