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Previous researches using Simultaneous Localization and Mapping(SLAM) technology based on Bayesian filtering
have suggested methods of making environmental map by robots. However, we can not use these approaches when
measurement model and movement model of system are unavailable. In this paper, we propose dimensionality
reduction approach instead of Bayesian filtering approach to solve this problem. In experimental study, we conduct
real robot experiments to present applicability of proposed method to real environment.
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