The 25th Annual Conference of the Japanese Society for Artificial Intelligence, 2011

3F3-1

KBy T4 T4 R T2 71287570 F 7

Ranking on Large-Scale Entity-Relationship Graphs
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In this research, we aim to develop a method for ranking on large-scale entity-relationship graphs.
existing methods rely on solely IR-based approaches to rank entities.

Most of
However, link-based approach may be

useful for ranking entities. In particular, several link-based features together with document-based features can
be considered on entity-relation graphs. To find the best combination of the features in ranking on entity-relation
graphs, we examine several weighting methods for ranking entities on graphs. Our method contributes to entity
search by providing the general ranking framework on entity-relation graphs.
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