The 25th Annual Conference of the Japanese Society for Artificial Intelligence, 2011

2F4-2

Jobooobooobooobooooooboon

Development of a proofreading support system adapted to the document genre
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We propose a method for genre-dependent automatic proofreading of Japanese text. In the proposed method,
the formality and the writing style of the genre are taken into consideration. For this purpose, we also propose
a method for automatically assigning the formality and the writing style to each content word and make use of
the assigned information to construct a classifier. The proposed method has another advantage that it does not
depend much on context features, which could be wrong themselves.
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