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Comparison of Facial Expression Synthe5|s Methods on Facial Expression Mimicking
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We have developed a facial expression mimicking system that copies a facial expression of a person on the image of
another. We employed Active Appearance Model (AAM) as a facial image model because it contains both facial shape and
texture information, and enables to mimick detailed facial parts such as skin roughness and furrowing. Although AAM is a
good model for producing mimicked facial images in many cases, there are some cases where it produces improbable facial
images because it does not take smoothness of the image into consideration. To overcome this problem, we propose a
technique that uses texture gradient when producing a facial image using AAM. The experimental results show that AAM
with texture gradient produces more realistic facial images than the one using texture only.
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