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An Approach to Scalable Gathering and Storing Very Large Semantic Resources
for Web Science Infrastructure
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In this paper, we propose a scalable and elastic approach to gathering and storing semantic resources on the Internet. Web
archives are important to research and development in Web science. Recently, a large amount of structured data has been
published on the network. We implemented a prototype system of a distributed virtualized crawler and RDF data store

environment to develop a large-scale linked data archives.
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<rdf:RDF

Shire district, city
</dbpprop :governmentType>
«</rdf :Description>
</rdf:RDF>

wrnlng : cdf="hitp : ffewer w3 . org/1999/02 /22 -z df-syntax-nol"
zmlns i rdfa="http: /e w3 02g9/2000/01/2df -schemad ">
<rdf:Description rdf:about=" http://dbpedia. org/resource/Angela Herkel -
«dbpptop :governmentType xmlns :dbpprop="http://dbpedia.org/property/" xml:lang="en">»
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<?xml version="1.0" encoding="UTEF-8"7>

<rdf:RDF

12985949310045hire district, City
</dbpprop :governmentType>
</rdf:Deccription>
</ rdf :RDF>

wmnlns cdf="http : ffuwer. w3 . org/1999/02 /22-x df-syntax-ns§"
xlns :cdfs="http: /e w3 . oxg/2000/01/xdf -schemad ">
<rdf:Description rdf:about="http!//dbpedia. crg/Tescurcs/Angela_Hezkel >
«dbpptop :governmentType xmlns :dbpprop="http://dbpedia.org/property/" xml:lang="en">»
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