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To solve large-scale constraint satisfaction problems (CSPs) that are NP-complete, meta-heuristics for stochastic
search approaches has been recently made remarkable progress. Ant colony optimization (ACO), which is one of
typical meta-heuristics, has been effective for many combinatorial search and optimization problems, where the

behavior of real ants is modeled as a metaphor.

In this paper, we discuss the performance of cunning Ant System (cAS) in solving CSPs. We describe the method
where, artificial ants construct a candidate solution by partially using building blocks, or useful partial solutions,
of the candidate solution constructed at the previous cycle, instead of constructing the candidate solution entirely.
The method is applied to large-scale binary CSPs that are in the phase transition region, whose experimental
simulations demonstrated that how effective our method can be by variation of using the previous partial solution.
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