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This paper provides a solution for social dilemmas, where even if each agent acts rationally, whole system falls
into Pareto-inferior equilibrium. In this paper, we focus on the multiple agents that are connected by a network. It
is defined payoff matrix which has dilemma structure among linked agents. The purpose of this study is to control
multiagent’s behavior for the desirable one by introducing a kind of Influencer. First, we propose the method which
is to manipulate Influencer’s payoff matrix. If Influencer gains large payoff by manipulating payoff matrices and
becomes to take cooperative behavior, then Influencer induces linked agents to take cooperative behavior. Through
this process, agents become to be able to gain a lot of payoff, and makes whole system nearly converge to Pareto-
optimal equilibrium. Finally, we also consider where Influencers should be deployed. We focus on four measures
of network centrality which can be applied to identify the important nodes to propagate a desirable behavior. We
examine the effects of these centrality measures on behavior of each agent and that of whole system.
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