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Frequent Pattern Mining by Maximizing Frequent Pattern in Numerical Space
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Frequent pattern mining is a method which extracts item set appearing frequently in the database. The conven-
tional methods can apply for the symbolic data, however, this paper proposes the frequent pattern mining mothod
that can apply for numerical data. In the proposed method, labels are assigned to numerical data based on the
result of hierarchical clustering, and frequent patterns are extracted the most in the numerical space at the same
time. The property is evaluated by using synthetic data. In addition, the proposed method was applied to the data
obtained from the damage evaluation test of a fuel cell in order to validate effectiveness against practical data.
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