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Extracting Title-Blocks from Web Pages based on Probability Machine Learning
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Our Web page segmentation method divides a Web page into Smallest-Blocks, and then assemble some Smallest-
Blocks into Content-Blocks. While smallest-Blocks have many roles, we focused on the title of Web contents. We
adopted 9 parameters for each Smallest-Block in probability machine learning, and tried to obtain the extraction
of Title-Blocks from Web pages. The experimental results show that Hidden Naive Bayes algorithm is suitable for
extracting Title-Blocks from Web pages for our Web page segmentation method.
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