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Two Layered Constrained Gesture Motif Discovery from Continuous Interaction Data and It’s
Application for Robot Navigation
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Human-Robot Interaction using free hand gestures and speaking word is more importance for humans which are operating
robots in home or office environments. In this paper, we propose an unsupervised learning system which detects gesture command
and spoken language command, action corresponding to these commands by just observing interaction behavior with the robot
operated by a human operator. The main contribution of this paper is the introduction of a novel discovery algorithm that has
two layered structure for detection the two kind of gestures. The proposed algorithm finds gesture patterns and action patterns
accurately. The Experimental result shows that gesture patterns and action patterns are able to discovered with 75.0% ,90.0%
(NMIx100) respectively by using proposed pattern discovery algorithm.
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