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Autonomous Formation of Society by using Multi Agent System
Based on “La Monadologie” of Leibniz
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What is ruler in the society? This is important problem to understand the social structure. In this research we discuss,
which have more the power to autonomous formation of society, rulers or cluster of agents and "Nudge" to self-organize the
society. We propose a model, that able to formulate autonomous society and to emergence rulers. Specifically, we create
agents in accordance with the philosophical concept proposed by Gottfried Wilhelm Leibniz. In his "La Monadologie”, a
“Monad” which is an agent composes society of Monados will change the internal structure through interactions. We confirm
that in this model, an autonomous society of Monados emerges by various interactions that are caused by differences of
internal structures of Monads. Since emerged society in this model shares common traits with real society, we believe that
“La Monadologie” would give us shed lights when we consider how autonomous emerge.
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