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Content Extraction from Web Page using Hierarchical Structure
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Apart from the main content, web pages contain various types of information such as advertisements, menu bars.
Identifying the main content of web pages could benefit many applications including text analysis and information retrieval.
Conventional methods assume that HTML elements of main content blocks appear continuously. Under this assumption, they
label the elements using CRFs. HTML pages have, however, the hierarchical nature and the labels of upper nodes and lower
nodes must be consistent. We propose to add an extra step to re-label the result of CRFs using the hierarchical consistency.
Experimental results show that our method outperforms the baseline which only considers continuity of blocks.
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« INPUT
b :target block
R1(b) :block b's result of First- Evaluation (1: A3, 0: A3C44)
R2(b) : block b's result of Second - Evaluation (1: A<3C, 0: ASCA4)
+ OUTPUT
R2(b) : updated block b's results of Second - Evaluation
+ ARGORITHM
Second_Evaluation{

b=8%1,

Clhy=7uav7bD+7 v 7 OER;

foreach cin C(b){

unless( exists(R2(b)){Second_Evaluation(c);}
}
ratio = (R1(b) + Z R2(c))/(| C(b) | +1);
ceC(b)

if( ratio > upper_threhold){
R2(b) =1,
foreach cin C(b){R2(c) =1;}

Yelsif(ratio < lower_threthold){
R2(b)=0;

}else{
R2(b) =R1(b);

}

}
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