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Visual Damage Evaluation of Fuel Cells by Kernel SOM
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We have developed the foundation for analysis of vast amount of damage events utilizing Self-Organizing Map
(SOM). Firstly, we validated the performance of Kullback-Leibler divergence based Kernel SOM for damage events.
Then, the damage process of Solid Oxide Fuel Cell (SOFC) was reasonably visualized by our method. Finally, the
mechanical effects were inferred by utilizing KeyGraph. This research can contribute by visual data mining to

reliability of the fuel cells.
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