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In this paper, we propose a portfolio strategy for the consequence finding system SOLAR to improvement the

performance.

SOLAR has multiple search strategies and it is difficult to choose the best strategy to a given

consequence finding problem by a user. For this problem, we introduce a portfolio search strategy which extracts a
feature vector from a given problem, and selects an apposite strategy and the parameters for solving the problem
efficiently. We construct portfolio search strategies by using various kinds of machine learning algorithms and
evaluate the strategies. The experimental results show the usefulness of the portfolio search strategies.
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