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A step-by-step approach to human level artificial intelligence using developmental scales

YR 51

Masanori Kido

Ohik 7504

Hideaki Ttoh

A WA

Hisao Fukumoto

A= &

Hiroshi Wakuya

w1 EH

Tatsuya Furukawa

PR FRF B TR0 e R

Graduate School of Science and Engineering, Saga University

In order to achieve human level artificial intelligence, we have been developing a robot that can perform tasks
of developmental scales. A developmental scale consists of a set of tasks that are used in the field of psychology to
examine the cognitive functions of human subjects. In this study, we focus on task U17 of the Revised Kyoto Scale
of Psychological Development. In the task, the subject is required to move his/her eyes in order to keep gazing at
a ring that moves in front of him/her. We have developed a binocular active vision robot that is able to perform

this task.
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