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An integrated interpretation of adaptive maps in visual and auditory cortices
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While the anatomically uniform cerebral cortex is expected to use some universal intelligent algorithms, recent
physiological studies has revealed difference of map structures between sensory cortices: unlike the smooth retino-
topic map of the primary visual cortex (V1), the primary auditory cortex (A1) has a disordered tonotopic map.
We hypothesize that the difference results from adapting, using a same algorithm, to different statistics of natural
stimuli in vision and audition. The present study shows that a V1 map model, topographic independent component
analysis, can also generate Al-like untidy maps, adapting to artificial and natural stimuli of high “auditoriness”.
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