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Term Extraction from Sensor Data and Operation History for Office-work Lifelog
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One of largest problems of lifelog-based application is readability of the stored lifelog though the number of lifelog platforms is

increasing. We propose a term extraction method to add annotation labels to the stored lifelog for supporting office worker,

exploiting text data acquired from desktop activities. Our prototype system monitors a user’s desktop activities after combining raw

events, then extracts possible annotation labels with LDA and C-value techniques from documents and text data in sensor events.
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