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Learning Categorical Object Composition based on Probabilistic Latent Component Trees
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This paper proposes a learning method of categorical object clustering and composition analysis based on a
probabilistic latent component tree in which probabilistic latent component classes are clustered according to their
probabilistic similarity and category labels are assigned to classes in the manner of incremental semi-supervised
learning. Through experiments by using images of plural categories in an image database, it is shown that the
method works effectively in categorical object clustering, labeling and composition analysis.
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O 1: Examples of (a)images and (b)segments with labels.
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x1 http://research.microsoft.com/vision/cambridge/recognition/
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O 2: A part of an initial PLCT. SL: A scene category label,
OH: An object category hypothesis, [ ]: A representative

segment, and a colored square indicates a categorical root.
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O 3: A part of an updated PLCT.
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O 4: An example of categorical object composition.
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