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Integration of Linguistic and Behavioral Recognition of Robot with Neuro-dynamical system

R BT B !

Tetsuya Ogata Wataru Hinoshita Hiroshi G. Okuno

RPN PN R S B TR B A

Graduate School of Informatics, Kyoto University Japan Science and Technology Agency

This paper proposes an approach for robot to acquire language grounding on the robot’s sensory-motor flow using neuro-
dynamical models. We trained our neuro-model over a set of sentences represented as sequences of characters. For the
integrated recognition, we introduced a cognitive hypothesis that human’s brain processes “structure” and “contents” of a
sentence separately. Our model is trained with a word spell and the semantic role of the word emerged in the first model. As
results of binding the model with sensory-motion pattern, we confirmed that our model could associate a proper word spell

with a sensori-motor flow and a semantic role, even if the observed flow had not been learned.
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