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Experimental evaluation of a method to estimate the data generating process
of a binary variable causal model
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Estimation of the data generation process of a given data set is a major objective in studies of statistics and
artificial intelligence. Recently, some non-Gaussianity based techniques to estimate a data generation process have
been explored, but most of them are limited to continuous data. In this presentation, we review the performance of
our new approach [Inazumi 11] to estimate a unique process generating binary data based on some characteristics
of external noise through some numerical experiments for both artificial and real world data sets.
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