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Argumentation is a leading principle foundationally and functionally for agent-oriented computing where rea-
soning accompanied by communication plays as essential role in agent interaction. In the work of [1],W.Makiguchi
constructed a simple but versatile neural network for Dung’s abstract argumentation framework [2], so that it can
decide which argumentation semantics (admissible, stable,complete,grounded semantics) a given set of arguments

falls into, and compute argumentation semantics via checking. However,we find that [1]

s neural network doesn’

t compute argumentation semantics exactly for some argumentation framework. In this paper,we propose a neural
network which compute all extensions of an argumentation semantics exactly for every argumentation framework.
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