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Automatic feature point extraction using Gabor filter for gesture recognition
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The method using the Elastic Bunch Graph Matching and SHIFT features are well known gesture recognition. But several
weakness has been reported in these two methods. Elastic Bunch Graph Matching is not good at real -time recognition and method
using SHIFT feature is not guaranteed to pick up the fingertips as feature points. In this paper, we proposed the automated system
extracting the feature points on fingertips for real-time gesture recognition.
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