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“

GARCH Effect” is a important factor explaining the confusion of the financial market. However , neither a

definite theory nor the demonstration result concerning the generating mechanism are yet shown. The generating
mechanism is suggested that market participant’s information structure be a generation factor. In this study ,
We specify the generating mechanism by controlling the condition of the market participation and the market by
using an artificial market. We modeled Informed Trader and Uninformed Trader. Informed Trader has information
on financial asset price. Noise Trader has information missed about financial asset price. We put agents which
modeled in an artificial market. As a result, we found that when the ratio of Informed Trader that entered the
market was a lot or was few, the suggestion that the GARCH Effect happened easily.
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