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Prognosis Classification Based on Autoregressive Model using Time-series Clinical Data
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There have been trials to discover useful knowledge in a clinically accumulated dataset on hepatitis, which is a set
of multivariate time series of clinical test results. Many of them are based on an approach to describe the phenomena
with observed patterns, and consequently it is difficult to explain the mechanism behind the phenomena. We thus
adopted an alternative approach to describe the mechanism with time-series models. We applied autoregressive
models and k-means classification using power spectrum to the hepatitis dataset, and examined the validity of this
approach with the performance to classify the prognosis of patients. As a result, the performance was higher than
the chance level but not high enough, which implies that the current models and features should be reconsidered.
Out future work will be the application of adaptive and/or multivariate models and the improvement of estimation

and expression of power spectrum.
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