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Co-occurrence Analysis of Damage on Fuel Cell using KeyGraph and SOM
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SOFC(Solid Oxide Fuel Cell) is a highly efficient power generation system as well as low-pollution. However, it
is an extremely important problem that desutraction occurs while SOFC is under operation. We have developed a
technique to measure the mechanical damage of SOFC using Acoustic Emission(AE) method. In this research, we
aim to find AE events which can predict damage transition from AE event sequence by using KeyGraph. However,
AE events sequence is not applicable for KeyGraph directly because all AE event is “non-symbolic data”. Therefore,
we employed SOM(Self-Organizing Maps) for making AE events “symbolic data”.
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