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Competitive Coevolutionary Algorithm with Electric Charge Model for the Tsumego game
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In this study, we will try to calculate the correct sequence for Tsumego using Competitive Coevolutionary Algorithm and

evaluate the enhanced feature that uses the electric charge model of this algorithm. An initiative strategy and a passive-

strategy in Tsumego will be assumed to be the competitive groups. The two competitive groups evolve through coevolution,

thus we can calculate the correct sequence of Tsumego. The enhanced feature proposed in this study is to assume that the Go

pieces in Tsumego are electric charges. The density of each electric charge generated in this assumption is used to calculate

an individual fitness value. Furthermore, gene manipulation is adjusted by the electrical potential distribution generated by

the electric charge. The setup of the former makes the formula for computing the individual fitness value simple, and the

setup of the latter makes Competitive Coevolutionary Algorithm more efficient.
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