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In order to acquire valuable knowledge through text mining, it is generally critical to identify important expres-
sions to be monitored and compared within the textual data. It is therefore very important to construct appropriate
analysis viewpoints for each target domain. It is also not clear how we can effectively use the analysis viewpoints to
get insights through the text mining. In this paper, we introduce the viewpoints for the marketing analysis based
on the marketing mixuture and propose the method to reash to the trends leading to the insights in the marketing
analysis. Through the analysis of real texual data, we will show that we can effectively get insights through the

proposed method.
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