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In the existing Reinforcement Learning, it is difficult for the learning agent to adapt itself to dynamic environment.
The cause of this problem is that the learning agent keeps exploiting when the barrier appears because of the
environmental change. Then we design environmental change perception mechanism that the learning agent can
perceive appearance of barrier. We propose a learning method that the learning agent can adapt itself to new
environment by promoting the exploration. This method adjusts Q value based on risk in each state when the
leaning agent perceives the barrier with the mechanism. We apply the proposed method to two-dimensional maze

problems and report on the effect.
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