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Co-Evolution Algorithm with Estimation considered Similarity of Solutions
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This paper proposes an Estimation of Distribution Algorithm with partial solution considered similarity of
solutions. In the proposed methods, partial solutions are generated by estimated value and search local solution
by co-evolution. However, these methods have a issue of searching cost by a character of optimization problem’s
solution that there are some optimum solutions. So it proposes an expanding method newly that searching with
partial solution which have an orientation. The proposed method is applied to some optimization problems and

discuss its effectiveness.
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O 1: Experimental Results
Method

UMDA 1 2 3
24 14.8 17.2 17.3 18.3
OneMax 50 88.5 96.8 88.3 115.2

Problem Size

100 | 3611.0 | 2110.6 | 755.7 | 1050.4
24 264.6 2214 | 1984 | 231.8
Isopeak 50 4564 1104 1037 965.0
100 | 402692 | 71299 | 34228 | 8490.2

24 21.75 21.17 219 232
Plateau 50 141.53 | 122.92 | 114.8 119.9
100 | 4614.4 | 2582.2 | 8423 | 951.3
50 15.2 15.9 16.8 11.1

SubSet Sum | 100 333 435 39.8 29.3

150 67.4 60.5 61.5 50.2
200 135.9 105.5 109.9 101.6
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