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Sensitivity Analysis of Word-of-Mouth by Influence Diffusion Model
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Influence Diffusion Model (IDM) is an algorithm to measure the influence of terms, messages, senders, etc based
on the term propagation throughout message-threads. In this paper, we investigate the sensitivity of the influence
in the following two conditions: (1) bias of term appearance and link structure, and (2) recursively/not-recursively
term propagation. The results imply that IDM can be a sensitive detector of “burst” words.
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