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A Harmful Sentence Filtering Method based on cooccurence among Multiple words
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In many sites, harmful writings are removed manually. Therefore, they use much time to deal with the harmful
sentences. In this paper, we propose two methods to classify automatically harmful sentences and harmless sen-
tences using the cooccourence relation among multiple words. Our methods enable to decrease the manual cost
dramatically. In this paper, we show some experimental results. Accoding experimental results, we confirm the

effectiveness of our methods.
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