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In this paper, we introduce outlier detection using SVM (Support Vector Machine) for intrusion detection in control system
communication networks. SVMs are useful for classifying normal communication and intrusion attacks. In control systems,
alarge amount of norma communication datais available, but as there have been amost no cyber attacks, thereis very little
actual attack data. One class SVM and SVDD (Support Vector Domain Description) are two methods used for one class
classification where only information of one of the classesis available. We applied these two methods to intrusion detection
in an experimental control system network, and compared the differences in the classification.
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