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Dialog Management using Reinforcement Learning for Multi-modal Spoken Dialog Agent
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To make the dialog between the agent and the user smoother, we propose the use of POMDP for real-time dialog
with reinforcement learning. Multi-modal inputs and intermediate speech recognition results during the utterances
can be efficiently used with this POMDP framework, which makes barge-in control possible. Two experiments
which evaluate the proposed methods were performed. We also implemented the prototype system that utilize the

result of reinforcement learning.
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