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A Bayesian estimation of statistical expectation in a high-dimensional probability space
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Along development of computer and sensing technology, the requirements to analyze super-high-dimensional data
and to estimate its associated expectation value are increased. However, in a super-high-dimensional probability
space, the curse of dimensionality makes hard to estimate statistical expectation by conventional methods. In this
paper, we analyze the mechanism of the curse of dimensionality, and investigate a Bayesian estimation method of

statistical expectation in a high-dimensional probability space based on the analysis.
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