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The goal of the present paper is to explore the feasibility of a topic segmentation algorithm for spoken documents
without assuming topical and linguistic knowledge about the documents, such as vocabulary, the language model
and the topic model. For erroneous sequences of phonemes obtained by using a continuous phoneme recognizer, the
proposed method analyzes lexical cohesion of any sub-sequences by using string kernels employing soft-matching,
and partitions the sequence into topically homogeneous blocks by using a dynamic programming. As an empirical
study on the ICSI Meeting Corpus shows, by virtue of the error robust and exhaustive but efficient analysis of
topically salient sub-sequences of phonemes, it performs on erroneous recognized sequences comparably with the
algorithms on error free transcriptions utilizing the linguistic knowledge.
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