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Automatic sentence generation for training language models based on word replacement
considering the changes of word usage
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In some cases, there are not enough data for training language models, especially for training spontaneous ones.
In order to make up for the lack of training data, this paper proposes automatic sentence generation based on word
replacement. However, we can’t simply define static word pairs for replacement because the meaning and usage
of words vary depending on its context. Word pairs for replacement should be changed dynamically. Therefore,
in this paper we use dependency structure of sentences as a context . In addition, this paper report the results of
experiment using CSJ(Corpus of Spontaneous Japanese.)
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